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Project 6 Weekly Meetings at NCTU
and Also Online with Academia Sinica

June 6, 2017
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Typical PCB defects
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Typical defects after
SMT (Surface-Mount Technology) process
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https://www.researchmfg.com/2011/02/soldering-defect-symptom/
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https://www.researchmfg.com/2011/02/soldering-defect-symptom/

More SMT/DIP Defect Examples
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System automatically detects cracks In
nuclear power plants

| (a) Tiny cracks with low contrast and different brlghtness
scratches

(b) Scratches, grind marks, and welds 1n background.
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PUR E 28317 B Znk et Al

= Convolution Neural Networks + Transfer Learning

» Pre-trained using 14-million image dataset

= ResNet with > 8-million parameters
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Quality Index
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EEILIEPRE #3 - AR

= Especially important for equipment with high failure cost (such as
motors in machine tools)

= Also important for expensive consumables (such as blades used in
precision cutting machines)

preventive

Maintenance
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